So There is Never a Gap to Close:

WARNING Early, Accurate, Personalized Identification, and
Risk Prevention for Students that Struggle
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Early Warning Checklist Approach*®

First 20/30 days absence rate
Grading period absence rate

Annual absence rate

GPA

# of course fails (per grading period)
# of fails (annual)

# of credits earned (annual)

Major behavioral incidents (per grading period)

Major behavioral incidents (annual)

* Everyone Graduates Center — Johns Hopkins University: Based on numerous research studies across a

number of different states and districts, a consistent set of triggers have been identified.



Mazin Education:

25 Years of Experience in Early Warning
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Next Generation: Predictive Analytics

State-of-the-art predictive analytics
Draws upon multiple data points
spanning the domains of academics,
attendance, behavior, and
demographics

Customized to districts & grade levels
Looks at actual dropouts in the district and,
using available data across all domains, fits the
best predictive models that would have
predicted those dropouts. Such predictive
models are then applied retroactively to

students still in the district.




Predictive Analytics

Historical Machine Learning Personalized
Data Predictive
\Y[eYe[=]S

Predictive Analytics (PA) — technology that learns from
experience (data) to predict the future behavior of individuals
in order to drive better decisions.



Predictive Analytics

e Customized NETFLIX
e Flexible amazon

e Proactive PANDORA




Early Warning Framework

ACADEM ICS

Assessments - District

 State Assessments — Math,
Reading, Social Studies &
Science

* Credits Earned Annually

* GPA - All Courses

» GPA - Core Academic Courses

» Grade Retention

» Pass Rate - All Courses

* Remedial Courses

DEMOGRAPHICS

* Age

 Ethnicity

* Gender

* Free & Reduced Lunch

» 504 Status

* Special Education (IEP)

+ Limited English Proficiency
- Mobility

ATTENDANCE

+ Attendance - First 30 Days
+ Attendance - Total
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* Behaviors - Minor
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* Expulsions

+ Suspensions
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Diary of a Teenage Dropout: Des Moines

 91% attendance rate ® 82% attendance rate ® 58% attendance rate

¢ 2.9 GPA * 2.4 GPA * 1.4 GPA

* 39 percentile rank - e 37" percentile rank — * 36" percentile rank —
state reading assessment state reading assessment

® 90% pass rate ® 66% pass rate

® 5 minor behavioral ® 6 minor behavioral incidents

state reading assessment
® 100% pass rate

* 0 minor behavioral incidents o
incidents

(o)
e 939% attendance rate e 879% attendance rate ® 73% attendance rate

* 3.0 GPA e 2.6 GPA ° 1-?hGPA ‘ ® 49% attendance rate
* 47" percentile rank — * 37% percentile rank — * 36" percentile rank — * 1.4 GPA

state reading assessment state reading assessment o
* 100% pass rate * 92% pass rate ° 77@ 258 rate' state reading assessment
e 7 minor behavioral ® 60% pass rate

state reading assessment o 34th percentile rank —

® 0 minor behavioral e 2 minor behavioral -
incidents incidents incidents ¢ 5 minor behavioral incidents

Analysis is based on 2,422 students who dropped out in 11" grade and
45,658 students who graduated in Des Moines between the years of 2009-2015



Experience



Des Moines Schools Current State

Early Indicator System

EIS developed in 2010
|dentification of students at risk of dropping

out
First graders and 12th graders measured the

same
No change in number of dropouts



Des Moines School Future State

BrightBytes integration
e Smarter about identification
o Analysis of former dropouts profiles to create a profile of a Des Moines
Schools dropout
o More accurate identification
o Allows us to serve younger youth-better prevention
o Developmentally appropriate-1st grader vs. 12th grader
o Holistic view of student-not a linear view
o Individual profiles to be smarter regarding targeted areas
m district, school, student
m attendance, academics, behavior

All Dropout Prevention Programs will utilize system
e Integrated onto the new Tier 2 dashboard



Threshold model vs. BrightBytes

Table 1: Differences in Identification of Current Students’

Total Total

Total Total Identif Total Identifi
High/Moderate Risk | Total At Risk - 1A Threshold ':'H"" identified by :::'I? _f?;ﬂ;ii:” l:tfhrif::n:;ﬂ:n??
Clarity EWS Both ) ! !

656 (25%)
683 (25%)
543 (24%)
473 (18%)
366 (15%)
593 (25%)
712 (31%)
744 (32%)
737 (31%)
450 (19%)
515 (24%)
534 (23%)

294 (11%)
324 (12%)
253 (4%)
236 (9%)
196 (8%)
3BT (16%)
461 (20%)
538 [23%)
737 (31%)
840 (36%)
8RB0 [40%)
1107 (47%)

219
240

190
134
122
256
148
399

527
414

463
455

437
443
453
339
244
337
3pd
345

210
13

52
3

75
84

63

74
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Des Moines Public Schools Profile of a Dropout
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https://www.dropbox.com/sh/gaywckqpdacf1t9/AAB4HQgClv_CaO38yHTvukMXa?dl=0
https://www.dropbox.com/sh/gaywckqpdacf1t9/AAB4HQgClv_CaO38yHTvukMXa?dl=0
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First Impressions
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Reactive vs. Preventative

Reactive

e Students receiving the majority of
behavior referrals

e Not attending classes, but are
coming to school

e F[ailing classes

e These students received multiple
resources (therapy, case
managers, special education, etc)

Preventative

e Using previous year's’ data
(elementary & middle school)

e First 30 days of school
attendance

e Grades/Testing

e Using the profile of a DMPS
dropout student



Beginning Stages

January 2017 Drop Out Data
1/11/17 We have had 111 kids transfer and drop out of school
104 Total Drop outs only at East
7 9th grade (3 new students, 2 SPED, 1ELL, 2 ELL & SPED)
22 10th grade (4 new students, 5 SPED, 7 ELL ) 11 Students Transferred to another school/other circumstance
29 11th grade (5 new students, ) 8 | Students have enrolled at SCAVO
46 12th grade (8 new students) 1 Student incarcerated
1 Student to DMACC
1 |Student to Norwalk (may need to check on -is he considered a
drop-out if he transferred to Norwalk?)

24 Students are identified as ELL

11 Students have O Credits 9 babies due this month
4 Families have more than one drop-out at East

1) I 15 s are identified as SPED
2) I 1 partial ASL

3) 1 No schedule

4) I 3 Have dropped out twice
5) innnentis 1 1th & gaigOth) 12 First drop out

6) G- brother is on home instruction 2 Identified ELL

Currently 4 of our drop out students, also had siblings from East who didn't graduate Not included in the 15 SPED
4 Transferred to another school/program

5-Asians
7-Bi-racial
14-Black
32-Hispanic
34-White




Child Study Teams

Positives

e More concrete list

e Data driven decisions

e \isuals each month of growth or
decline

e Problem solving meetings are
more focus, systematic, and
solution orientated

e \Whole picture of the student

New Learning

Only changes once a month
Understanding the algorithm
Case managers and services
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Sample Reports
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Biggest Take Away

At Risk
Section Indicato Events Total Check & Community Behavior Intervention Intervention Social
:L |BrightBytes |Grade Gender Homeless Race Fed SPED 504 ELL rs Oss  Tardies Intervention Connect CICO Partners  Coaches Flex FBA Attendance Behavior Skills
953 |Low 11 Female Yes White Yes No No 3 0 0 Yes No No No No No No No No No
954 |Medium 10 Male No Hispanic/LatinYes No Yes 4 0 0 No No No No No No No No No No
955 |Medium 12 Female No Hispanic/LatinNo  No Yes 5 0 0 No No No No No No No No No No
956 |Medium 10 Male No Hispanic/LatinNo  No Yes 1 0 0 No No No No No No No No No No
957 |Low 11 Male No Hispanic/LatinNo  No No 4 0 0 Yes No No No No No No No No No
958 |High 11 Female No White Yes No No 5 0 0 Yes No No No No No No No No No
959 |Medium 10 Female No Hispanic/LatinNo ' No Yes 5 0 0 No No No Yes No No No No No No
960 |High 10 Female No Hispanic/LatinNo  No Yes =) 0 0 No No No No No Yes No No No No
961 High 10 Male No White No Yes No 5 0 1 No No No No No No No No No No
962 |Low 12 Male No White No No No 3 1 0 No No No No No Yes No No No No
963 |High 11 Female No Black or AfriccNo  No No 5 0 0 Yes No No No No No No No No No
964 |Low 10 Female No White No No No 1 0 2 No No No No No No No No No No
965 |Medium 11 Male No Black or AfriccYes No No 5 2 2 No No No No No No No No No No
966 |Low 11 Female No Black or AfriccNo  No No 3 0 0 No No No No No No No No No No
967 High 10 Female No White No No No 3 1 0 Yes No No No Yes No No No No No
968 | 12 Female No Hispanic/LatinNo  No No 2 0 0 No No No No No No No No No No
969 |Low 12 Female No Hispanic/LatinNo  No No 2 0 0 No No No Yes No No No No No No
970 |Low 10 Female No Hispanic/LatinNo  No No 2 0 0 No No No Yes No No No No No No
971 |Low 10 Male No Hispanic/LatinNo  No No 2 0 0 No No No No No No No No No No
972 |Medium 12 Female No Hispanic/LatinNo  No Yes 5 0 0 No No No No No Yes No No No No
973 |Low 11 Male No Hispanic/LatinYes No No 3 0 0 No No No No No No No No No No
974 |Low 11 Female No Hispanic/LatinNo  No Yes 5 0 0 No No No No No No No No No No
975 |Low 12 Female No Black or AfriceNo  No No 1 0 0 No No No Yes No No No No No No
25_} 12 Female No White No No No 3 0 0 No No No No No Yes No No No No
977 ]Low 11 Female No Black or AfriceNo  No No 2 0 1 No No No No No No No No No No
978 |Low 12 Male No Asian No No No 1 0 0 No No No No No No No No No No

| 9th Grade | 10th-12th grade | + J

: All East
BE | .
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